
Integrate Sc-RNA datasets 
GSE148071（n=42）, 

GSE131907(n=58) 

First-level 
clustering (10 cells)

Plasma Cell
T Cell

Monocyte

Epithelial/Cancer Cell

B Cell

Dendritic Cell

Mast Cell

Fibroblast

Endothelial Cell

Oligodendrocytes

−10

0

10

−10 0 10
UMAP_1

U
M

A
P

_2

Cell communication 
analysis with iTAKL

0.00

0.25

0.50

0.75

1.00

C
ib

e
rs

o
rt

 P
ro

p
o
rt

io
n

Cell Type

Ionocyte Cell

Langerhans Cell

Neutrophil

Granulosa Cell

Fibroblast

Basal Cell

Macrophage

Endothelial Cell

Plasma Cell

Cancer Cell

B Cell

Luminal Epithelial Cell

NK Cell

Monocyte

CD8+ T Cell

CD4+ T Memory Cell

Ciliated Cell

Dendritic Cell

FOXN4+ Cell

Granulocyte−Monocyte Progenitor

Mast Cell

NKT Cell

Oligodendrocytes

Plasmacytoid Dendritic Cell

Pulmonary Alveolar TypeII Cell

Secretory Cell

SLC16A7+ Cell

Treg Cell

CIBERSORT
annotates the 
TCGA cohort

Pseudotime trajectory 
analysis of Neutrophil 
differentiation status 

by Monocle
Component 1

C
o
m

p
o
n
e
n
t 
2

2.5 5.0 7.5
Pseudotime

GSEA explores functional 
in different 

differentiation states

pvalue
0.0358Coronavir O

ES

r
0.0207

Leishmaniasis
ways

0.0083erentiation
0.0222P r

Salmonella in
way

-0.5304
-0.6333
-0.5260

-0.5368

-0.5572

-0.5020

-0.5775

0.00

0.25

r

r

0

200
Rank in Ordered Dataset

R
an

ke
d 

Li
st

 M
et

r

Integrate TCGA-LUAD (n=585),
TCGA-LUSC (n=550 )
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