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Additional file 2: Table S2. Summary of the Al studies.

n = sample size; nr = not reported; AUC = area under the curve; R? = Correlation of Determination; RMSE = Root Mean Square Error; MR = Misclassification Rate; MSE =
Mean Squared Error; MAE = Mean Absolute Error; GM = Geometric mean of sensitivity and specificity to consider the positive and negative classes equally; nr = not

reported; KMO = Kaiser-Meyer-Olkin Test; ROC = Receiver Operating Characteristic curves, providing information regarding the sensitivity (true positive rate) by one

minus specificity (false positive rate).



